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Pedepar:

1. lnceprariiio prucBsYeHO MUTAHHIM II00YLOBU, CUHTE3Y Ta 3aCTOCYBAaHHS IITYYHNX HEHPOHHUX MEPEK IIPSIMOTO
MOLIMPEHHS 3 HeiTepaliiHMM HaB4aHHAM. B OCHOBY METOZ0JIOTI] HeiTepalilHOrO HaBYaHHS MTOKJIaleHa HOBA
KOHILIENTyalbHa MOJI€JIb IITYYHUX HEMPOHHUX MepexX. Mopessb "OyHKIioHal Ha MHOXKWHI TabIMYHUX QYHKIIN " €
(PyHKIiIOHAJIOM Ha MHO>KMHAX CMHANTUYHUX QYHKLIlN, BUXiIHUX (PYHKIi/1 HEIPOHHUX €JIEMEHTIB i AUCKPETHUX
dyHKUi BXinHUX HAOOPIB, BiITBOPIOBAaHMX MEpPE’KaMU 3 BUKOPUCTAHHSIM TiIbKU POEKTUBHUX 3B’S13KiB, 200 X 3
BKJIIOYEHHSM JJOAATKOBUX JIaTepasbHUX. LI MozesIb IOKJIaZileHa B OCHOBY PsIly HOBUX apXiTEKTYyp HEMPOMEPEX Ta
LIBUAKMX HeiTepalilHuX aIropyuTMiB ix HaB4anHA CTBOPEHI Ha OCHOBI 3alIPOIIOHOBAHUX MOJEJIEN Ta aJITOPUTMIB
IIPOrpaMHi Hell-po-MepesXi 3HANIUIN [TPaKTUYHE BIIPOBAIKEHHS B 00J1aCTi €HepreTUKY, HAyKOBUX O-CJIIPKeHHSIX,
HaBYaJILHOMY IIPOLECI.

2. The thesis is devoted to problems of building, synthesis and application of feed forward artificial neural
networks with non-iteration learning.The new conception model of the artificial neural networks have been placed
in the methodology base of non-iteration learning. The model "Functional on the tabular functions set" is a



functional on the sets of synaptic functions, output functions of neural elements and discrete functions of input
sets. The input set is reflected both by network using only projective connections, or including additional lateral
ones. This model became the base of a number of new architectures of networks and fast non-iteration algorithms
of their learning Created on the basis of provided models and algorithms, program neural networks have found
practical applications in the fields of power engineering, and scientific research, as well as in the educational
process.
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